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Abstract

This study aims to apply Al models by applying algorithms to mobile platforms through Al reasoning
and identifying the priority of each development item. In existing mobile development, there is a problem
of non-compliance with the process of development units, and there is a need to improve it through Al
association units. Therefore, the primary purpose is to apply the output of the Apriori algorithm to mobile
platform development items and apply Al to development units with association rules. The algorithm value
was calculated by analysing the development items of mobile developers who have completed the
deployment, and correlation analysis was conducted with each development item. The correlation ratios of
the analysed values confirm that the quality process can be improved along with the stages of mobile
development, and that Al inference can be applied to guide the exclusion of development items across
mobile platforms. The results of this study have implications for analysing the algorithm with items in
the development stage, deriving the improvement rate of development items through Al inference, and
continuously expanding it.
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