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A Study on the Analysis of Jeju Island Precipitation Patterns
using the Convolution Neural Network
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Abstract

Since Jeju is the absolute weight of agriculture and tourism, the analysis of precipitation is more
important than other regions. Currently, some numerical models are used for analysis of precipitation of
Jeju Island using observation data from meteorological satellites. However, since precipitation changes are
more diverse than other regions, it is difficult to obtain satisfactory results using the existing numerical
models. In this paper, we propose a Jeju precipitation pattern analysis method using the texture analysis
method based on Convolution Neural Network (CNN). The proposed method converts the water vapor
image and the temperature information of the area of &#8203;&#3203;]Jeju Island from the weather satellite
into texture images. Then converted images are fed into the CNN to analyse the precipitation patterns of
Jeju Island. We implement the proposed method and show the effectiveness of the proposed method
through experiments.
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Fig. 3. The original image and the extracted image
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Fig. 5. Two examples of input images
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Fig. 6. The architecture of the proposed CNN
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66.8
64.1
63.7
67.6
64.9
65.8
68.9

60.4

62.9
67.0
65.6
63.1
684
68.7
66.8

64.5

59.0
62.9
62.9
63.9
71.3
66.2
71.3
717

24
24
24
24
24

Table 1. The experimental results
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