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Abstract

The Internet of Things (IoT) environment must be able to meet the needs of users by providing
access to various services that can be used to develop diverse user applications. However, QoS issues
arise due to the characteristics of the IoT environment, such as numerous heterogeneous devices and
potential resource constraints. In this paper, we propose a QoS prediction method that reflects trust
between users in SOA based [oT. In order to increase the accuracy of QoS prediction, we analyze the
trust and distrust relations between users and identify similarities among users and predict QoS based on
them. The centrality is calculated to enhance trust relationships. Experimental results show that QoS
prediction can be improved.
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